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Abstract

A very challenging problem from statistical physics is
computing the partition function of the ferromagnetic
Ising model, even in the relatively simple case of no
applied field. In this case, the partition function can be
written as a function of the subgraphs of the underlying
graph in which all vertices have even degree. In their
seminal work, Jerrum and Sinclair showed that this
quantity can be approximated by a rapidly converging
Markov chain on all subgraphs. However, their chain
frequently leaves the space of even subgraphs. Our aim
is to devise and analyze a new class of Markov chains
that do not leave this space, in the hopes of finding a
faster sampling algorithm.

We define Markov chains by viewing the even sub-
graphs as a vector space (often called the cycle space)
whose transitions are defined by the addition of basis
elements. The rate of convergence depends on the ba-
sis chosen, and our analysis proceeds by dividing bases
into two types, short and long. The classical single-
site update Markov chain known as Glauber dynamics
is a special case of our short cycle basis Markov chains.
We show that for any graph and any long basis, there
is a temperature for which the corresponding Markov
chain requires an exponential time to mix. Moreover,
we show that for d-dimensional grids with d ≥ 2—those
of the most physical importance—all fundamental bases
(a natural class of bases derived from spanning trees) are
long. For the 2-dimensional grid on the torus, we show
that there is a temperature for which the Markov chain
requires exponential time for any chosen basis.
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1 Introduction

Estimating the partition function Z of the ferromagnetic
Ising model with zero applied field is a fundamental
problem in statistical physics [8, 11, 1]. A common ap-
proach to estimating Z is to sample spin configurations
from the Gibbs distribution using a Markov chain. The
behavior of the classical single-site update Markov chain
MGD, known as Glauber dynamics, has received intense
study from the physics and computer science communi-
ties. It is believed to be rapidly mixing at all tempera-
tures on the 2-dimensional square grid with a fixed plus
boundary condition [16], but is known to require expo-
nential time to mix at low temperatures if the lattice
has free or periodic boundary conditions [21, 22]. This
critical slowing down is closely related to the existence
of multiple Gibbs states—where spin configurations are
dominated by either plus spins or minus spins—since
the local nature of MGD makes it difficult to move be-
tween the two regimes.

When local Markov chains are inefficient, it is nat-
ural to seek nonlocal algorithms. Swendsen and Wang
introduced a promising algorithm that appears to work
well in practice, although rigorous bounds have been
found in only limited cases [2, 3, 7, 13]. Jerrum and
Sinclair introduced the first fully-polynomial random-
ized approximation scheme (fpras) for the Ising model
[9], which was extended to an efficient random sampler
by Randall and Wilson [20]. Jerrum and Sinclair ap-
pealed to the high-temperature expansion of Z, which
reduces the problem, in the case of no applied field,
to sampling even subgraphs of a graph G according to
π′(X) = λ|E(X)|/Z ′ for some λ ∈ [0, 1]. Their fpras is
based on a Markov chain that is polynomially-mixing
at all temperatures. However, the running time of this
algorithm is large, partly because the Markov chain
spends a lot of time outside the set of even subgraphs.

In this paper we consider whether it is possible
to design a faster algorithm by restricting to even
subgraphs. We present a new class of Markov chains
for sampling even subgraphs based on cycle bases. This
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class, called the Cycle Basis Markov chains, contains
MGD and generalizes it to nonlocal chains.

In Section 2, we describe in detail the relationship
between the Ising model and even subgraphs and pro-
vide background on both cycle bases and mixing times
of Markov chains. In Section 3, we formally define our
Markov chains and state the main results of the paper.
Section 4 is devoted to the proofs of two of the main re-
sults, and Section 5 is devoted to the proof of the third.
Finally, in Section 6, we discuss future directions.

2 Preliminaries

2.1 The Ising model Given a graph G = (V,E)
with |V | = n and |E| = m, a spin configuration
σ = σ(G) is an assignment of spins in {+1,−1} to the
elements of V . In this paper we assume no external
field has been applied, so the energy of σ is given
by the Hamiltonian H(σ) = −J

∑
(x,y)∈E σxσy, where

J is the interaction energy. The probability assigned
to state σ is given by the Gibbs distribution, defined
as e−βH(σ)/Z, where β = 1/(kBT ) is proportional to
inverse temperature and kB is Boltzmann’s constant.
The normalizing constant Z =

∑
σ exp(−βH(σ)) is also

called the partition function.
Following the notation of [9], let λ = tanh(βJ)

and µ = tanh(βB). The high-temperature expansion
is defined by Z = AZ ′, where A = 2n cosh(βJ)m is
an easily computed constant, and Z ′ =

∑
X⊆E λ

|E(X)|,
where the sum is taken over all subsets X of E(G) that
induce an even subgraph (defined in Section 2.2). We
will sample from the distribution π′(X) = λ|E(X)|/Z ′.

2.2 Cycle bases We now provide some elementary
algebraic graph theory to formally introduce the topic of
cycle bases, which have a long history in combinatorics
[15], and are used both in theory and applications
[10]. The interested reader can find more background
information in [5].

The symmetric difference of two subgraphs Y1 and
Y2 of a graph G, written Y1 ⊕ Y2, is the subgraph of G
that contains precisely those edges in exactly one of Y1

and Y2. One may consider this operation as addition of
subgraphs over the field F2 = {0, 1}. Let E = E(G) be
the set of subgraphs with no vertices of odd degree—the
even subgraphs of G. Since the symmetric difference of
two elements in E is again in E , we may view E as a
vector space over F2, called the cycle space of G. Every
maximal set of linearly independent even subgraphs is
a cycle basis of G. All cycle bases have size m− n+ k,
where m is the number of edges in G, n is the number of
vertices, and k is the number of components. Further,
every Y ∈ E has a unique basis representation. We
assume for simplicity that k = 1 so that G is connected.

As an example, let T be a spanning tree of G and
e /∈ E(T ). Then T + e has a unique cycle. The set
of such cycles over all e /∈ E(T ) is a cycle basis called
a fundamental cycle basis. Such bases are easy to find
computationally, as spanning trees can be found easily
(see e.g. [4]).

2.3 Markov chains Let P be the transition matrix
of a Markov chain M with stationary distribution
π. The state space of M is often referred to as
Ω. We will use this notation in this subsection only;
everywhere else, the state space is the vector space of
even subgraphs, E .

It is common to measure the distance between
the t-step probability distribution and the stationary
distribution π in terms of the total variation distance
‖P t(X, ·), π‖tv = 1

2

∑
Y ∈Ω |P t(X,Y ) − π(Y )|. Then

the efficiency of the Markov chain M can be described
by its mixing time τ = τ(1/4) = maxX∈Ω min{t :
‖P t(X, ·), π‖tv ≤ 1/4}. We say that a Markov chain
is rapidly mixing if τ = O(p(n)) for some polynomial p,
where n is the size of each configuration — for us, n is
the number of vertices in the graph G.

In this paper, we provide lower bounds on the
mixing time that are exponential in nδ for some constant
δ > 0. Consider the conductance of a Markov chainM,
defined as ΦM = min S⊂Ω

π(S)≤1/2
φS , where

(2.1) φS =
1

π(S)

∑
x∈S,y/∈S

π(x)P (x, y)

is the conductance of a set S. The existence of a set
S for which φS is very small prevents the chain from
mixing rapidly (see, e.g. [12, Theorem 7.3]):

Theorem 2.1. τ ≥ (4ΦM)−1.

3 Algorithm and Results

3.1 Cycle basis Markov chains Given any cycle
basis B of G, we can define M(B) as in Algorithm 1.

Algorithm 1 Cycle Basis Markov chain M(B)
Starting at any Y ∈ E, iterate the following:

Choose B ∈ B uniformly at random.

With probability 1
2 min

(
1, π

′(Y⊕B)
π′(Y )

)
, move to

Y ⊕B.

With all remaining probability, stay at Y .

Clearly, M(B) connects the state space E . The
transition probabilities are chosen to ensure that
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M(B) converges to the stationary distribution π′ [12,
17]. Notice π′ satisfies the detailed balance condition:
π′(x)P (x, y) = π′(y)P (y, x) for all x, y ∈ Ω. When
λ = 1, π′ is the uniform distribution and M(B) is a
uniform random walk on the hypercube {0, 1}m−n+k,
which is rapidly mixing [12, p. 67–68]. In this paper,
we will be interested in what happens when λ is small.

More generally, M(B) can sample from any state
space that is comprised of all subgraphs with any fixed
set of odd-degree vertices, since moves of M(B) do not
change the parity of the degree of any vertex. Subgraphs
with a fixed set of odd-degree vertices are important
in a variety of applications in statistical physics and
computing, such as the Ising model with an external
field (not considered here), as well as perfect matchings,
Eulerian orientations, and 3-colorings [14]. For example,
to sample perfect matchings using M(B), one could
restrict to subgraphs in which every vertex has odd
degree and reject moves that increase degrees above one.
This idea generalizes an approach that has been proven
to be fast on the 2-dimensional lattice [14].

AlthoughM(B) is defined for all graphs, the graphs
of the most physical interest are square, d-dimensional
lattices with side length s (i.e. the cartesian product
of d s-paths), which we denote Gd(s), and those same
lattices with periodic boundary conditions (i.e. the
cartesian product of d s-cycles), denoted Gpd(s). Note
that G2(s) is planar and Gp2(s) is toroidal. See Figure 1.

(a) Edges of G2(s) are thick
and black, its planar dual,

G2(s − 1), has thin and red

edges

(b) Gp
2(9) in its standard em-

bedding on the torus

Figure 1

In two dimensions, there is a correspondence be-
tween spin configurations with fixed boundary condi-
tions and subgraphs with a particular set of odd degree
vertices associated with those boundary conditions. In
particular, consider G2(s) and its planar dual, minus
the vertex representing the infinite face, G2(s− 1). See
Figure 1a. Spin configurations with a fixed plus bound-
ary on G2(s) are in bijection with even subgraphs of
G2(s−1). See Figure 2. Let F be the faces of G2(s−1)

that are bounded by 4-cycles in the embedding in Fig-
ure 1a, and define the facial basis BF (s−1) as the set of
4-cycles bounding elements of F . These cycles induce
a basis of E ,1 and moreover, M(BF (s− 1)) is precisely
MGD; flipping a spin in G2(s) is equivalent to taking
the symmetric difference with an element of BF (s− 1).
Thus, MGD on G2(s) is a cycle basis Markov chain.2

+ + + + + + + + +

+ + + + + + + + +

+
+
+
+
+
+
+

+
+
+
+
+
+
+

+ + + + +
+ + + +
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+ + + +

+ + + +
+ + +

-

-

-
- - -

-
-
-
-
- -

- - -

- -
- -

- -
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Figure 2: Spin configurations on G2(s) with plus bound-
ary; even subgraphs on G2(s− 1)

3.2 Our results Given any cycle basis B of a graph
G, every Y ∈ E has a unique representation

(3.2) Y = α1C1 ⊕ α2C2 ⊕ · · · ⊕ αm−n+1Cm−n+1,

where αi ∈ {0, 1} and Ci ∈ B. Define the support of
Y in B as suppB(Y ) = {Ci ∈ B : αi = 1}. When B
is clear, we will simply write supp(Y ). The length of
B is the maximum of |E(B)| over all B ∈ B such that
B ∈ supp(X) for some 4-cycle X in G.3

Theorem 3.1. Let B be a cycle basis of length L of a
graph G with maximum degree ∆. Then for λ < ∆−3/2,
the mixing time of M(B) is Ω(2L/2).

Recall that in order to be rapidly mixing, the Markov
chains must mix in time by some polynomial in n, the
number of vertices of the graph. Theorem 3.1 proves
this cannot hold for cycle bases with length at least nδ

for some constant δ > 0 (we call these bases “long”). In
Theorem 3.2, we prove that fundamental cycle bases of
Gd(s) and Gpd(s) have length Ω(s), which implies:

1All 2-connected planar graphs have a cycle basis contained in

the set of facial cycles.
2On the 2-dimensional lattice, even subgraphs arise as contours

separating spin-types, and cycle basis Markov chains on the planar
dual are a natural extension of MGD. In the remainder of

the paper, even subgraphs arise as a consequence of the high-
temperature expansion, which works on all graphs.

3This definition can be generalized to allow X to be any even
subgraph with a constant number of edges. As our aim is studying
the d-dimensional grid, we choose 4-cycles for simplicity.
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Theorem 3.2. Let B be a fundamental cycle basis of
G ∈ {Gd(s), Gpd(s)}. If λ < 1/(16d3), then the mixing
time of M(B) is at least 2Ω(s).

For short bases (those with length less than s) of Gp2(s),
Theorem 3.1 does not yield a slow mixing proof. So
instead, we show that these Markov chains are slowly
mixing for a different reason, namely that they behave
like MGD.

Theorem 3.3. Suppose B is a cycle basis of Gp2(s) of
length L < s. Then whenever λ < .004, the mixing time
of the Markov chain M(B) is at least 2Ω(s).

Recall that, for G2(s), M(BF (s)) is believed to be
rapidly mixing at all temperatures (as it corresponds
to MGD), and its mixing time is known to be at most
O(slog s) for small λ [16]. In contrast, Theorems 3.1 and
3.3 imply that for small λ, the mixing time of M(B)
is 2Ω(s) for every cycle basis B of Gp2(s). Moreover,
Theorem 3.2 suggests that fundamental cycle bases are
not ideal, as they create chains that require exponential
time to mix even asM(BF (s)) could be rapidly mixing.

3.3 Techniques and consequences We use graph
theory and linear algebra to analyze the structure of
all cycle bases of the grid. We then use insights
from statistical physics, such as Peierls arguments, to
demonstrate the existence of a bad cut in the state space
which prevents M(B) from mixing rapidly. For long
cycle bases witnessed by B ∈ B, we prove that M(B)
cannot easily move between subgraphs whose support
includes B and those that do not. For short cycle
bases on Gp2(s), we first use topological graph theory
to argue that subgraphs with noncontractible cycles in
their support are exponentially unlikely. The remaining
subgraphs are in bijection with spin configurations and
inherit the bottleneck ofMGD. However, as these bases
are nonlocal, the argument requires careful examination
of the stationary distribution and we appeal to results
of [18] to upper-bound the probability that a spin
configuration has a density of +1 spins that is close
to 1/2.

We consider the definition ofM(B) and the insight
that cycle bases can be used to understand local Markov
chains, such as MGD, to be significant contributions of
this paper. For each negative result, we make use of
the structure of the vector space E . We believe that
positive results may stem from this perspective as well.
For example, while our results suggest that changing
the cycle basis from BF (s) will not overcome the critical
slowing down ofMGD, we may be able to modify these
Markov chains slightly (by adding transitions) to yield
better algorithms. See Section 6.

4 Long cycle bases

We begin this section by showing that any long cycle
in a cycle basis B is unlikely to be used as a move in
the Markov chain M(B) for all graphs with bounded
maximum degree ∆ = ∆(G). Afterwards, we bound the
mixing time in terms of the length of the basis to prove
Theorem 3.1. Finally, we show that all fundamental
cycle bases of Gd(s) and Gpd(s) are of length Ω(s).

Lemma 4.1. Suppose B ∈ B has L edges and λ <
∆−3/2. Then

(4.3)
∑
Y ∈E

π′(Y )P (Y, Y ⊕B) ≤ 2−L/2+2.

Proof. For any transition (Y, Y ⊕B), either Y or Y ⊕B
contains at least half of E(B). Since detailed balance
provides π′(Y )P (Y, Y ⊕B) = π′(Y ⊕B)P (Y ⊕B, Y ), we
may assume, without loss of generality, that Y has at
least half of E(B). Further, π′(Y )P (Y, Y ⊕B) ≤ π′(Y ).

Enumerate the edges of B in some canonical way
(such as in order along each edge-disjoint cycle in B)
from an arbitrary (fixed) starting edge e1 ∈ E(B) and
let |E(Y ) ∩ E(B)| = {ei1 , ei2 , . . . , eit} with increasing
indices. Since Y ∈ E , each component is 2-connected,
and hence each edge of Y is in a cycle. Let C1 be a
cycle in Y containing ei1 , and for j ∈ {2, 3, . . . , t}, let
Cj be a cycle in Y

⊕j−1
k=1 Ck containing eij . (Note: if

eij ∈ E(Ck) for k < j, then Cj is empty.) Define the
map g by g(Y ) = Y

⊕t
k=1 Ck. Notice that E(g(Y )) ∩

E(C) = ∅. Since the Ck are edge-disjoint cycles in Y ,
π′(Y ) = λMπ′(g(Y )), where M =

∑t
k=1 |Ck| ≥ L/2.

See Figure 3.

e1

e4

e8

e11

e17

e24

C1

C2

C3

C4

C5

Figure 3: On the left is Y and the right is g(Y ). Bold
edges are in the graph, blue edges are in C, and red
edges are in a Ck. With the labeling of E(C) proceeding
clockwise from e1 we have ei1 = e4, ei2 = e8, ei3 = e11,
ei4 = e17, and ei5 = e24.

Next, we show that no element of the image of g
has too many preimages. To this end, let H be in the
image of g and let g−1

M (H) denote those subgraphs Y
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such that g(Y ) = H and |E(Y )| = |E(H)| + M . Any
such preimage Y of H can be recorded by a walk W of
length M + L ≤ 3M , which proceeds as follows. Start
at e1. Walk along E(B) in the ordering fixed above
by recording the character “∗” until ei1 is traversed,
which, as above, is the first edge in E(B) ∩ E(Y ).
Walk along C1− ei1 by recording a character in [∆− 1]
that describes the edge incident with the most recently
seen vertex v in W according to a fixed ordering on
the edges incident with v. After returning to ei1 (not
recording it the second time), continue this process of
recording the edges of E(B) \ E(Y ) with “∗”s and the
edges of the Ck with characters in [∆ − 1] until all of
E(B) ∪

⋃
iE(Ci) have been recorded in W . Clearly,

each element of g−1
M (H) can be recorded in this manner,

and, as each edge in W is described by an element of
{1, 2, . . . ,∆− 1, ∗}, it is clear that |g−1

M (B)| ≤ ∆M+L ≤
∆3M .

Putting everything together,

∑
Y ∈E

π′(Y )P (Y, Y ⊕B)

≤ 2
∑

Y :|E(Y )∩E(C)|≥L/2

π′(Y )

= 2
∑
B

m∑
M=L/2

∑
Y ∈g−1

M (H)

π′(Y )P (Y, Y ⊕H)

= 2
∑
H

m∑
M=L/2

∑
Y ∈g−1

M (H)

π′(B)λM

≤ 2
m∑

M=L/2

λM
∑
H

π′(H)∆3M

≤ 2
m∑

M=L/2

(
λ∆3

)M∑
H

π′(H)

< 2
m∑

M=L/2

1
2M

< 2−L/2+2,

since λ∆3 < 1/2.

Next, we show that long cycle bases are slowly
mixing for small enough λ, proving Theorem 3.1.

Proof of Theorem 3.1. Suppose X is a four-cycle and
B ∈ supp(X) has L edges. Define S1 = {Y ∈ E |
B /∈ supp(Y )} and let S2 = E \ S1. Define the map
f : S1 → S2 by f(Y ) = Y ⊕X. Clearly f is a bijection.
Moreover, λ−4 ≥ π′(Y )/π′(f(Y )) ≥ λ4, and so

π′(S1) =
∑
Y ∈S1

π′(Y ) ≤ 1
λ4

∑
Y ∈S1

π′(f(Y )) =
π′(S2)
λ4

.

Similarly, π′(S1) ≥ λ4π′(S2). Hence, π′(S1) and π′(S2)
are each at least λ4

1+λ4 . By Lemma 4.1,∑
Y ∈S1,Y ′∈S2

π′(Y )P (Y, Y ′) =
∑
Y ∈S1

π′(Y )P (Y, Y ⊕B)

=
1
2

∑
Y ∈Ω

π′(Y )P (Y, Y ⊕B)

≤ 2−L/2+1.

So φSi ≤ λ4+1
λ4 2−L/2+1 for i ∈ {1, 2} and ΦM(B) =

O(2−L/2). The result follows from Theorem 2.1. �

4.1 Fundamental cycle bases of grids In this sec-
tion, we prove Theorem 3.2, which states that funda-
mental cycle bases of a grid yield Markov chains M
with exponential mixing time at low temperatures. It
suffices to show that fundamental cycle bases of a grid
satisfy the conditions of Theorem 3.1 with L ≥ s. Let T
be a spanning tree of G. Let xy ∈ E(G). If xy /∈ E(T ),
define Cxy as the unique cycle in T + xy. Otherwise,
define Cxy = ∅. Recall the fundamental cycle basis of
G associated to T is the set {Cxy : xy /∈ E(T )}. The
following proposition is easy to prove.

Proposition 4.1. Let B be a fundamental cycle basis
of a graph G. Then for any even subgraph F of G,
supp(F ) = {Cx1x2 : (x1, x2) ∈ E(F ) \ T}.

Let Cxy be a long cycle in B. Proposition 4.1 implies
that every even subgraph containing xy contains Cxy in
its support. When G ∈ {Gd(s), Gpd(s)}, every edge is in
a 4-cycle. Thus, in order to prove Theorem 3.2, we need
only show that every fundamental cycle basis of Gd(s)
and Gpd(s) contains a long cycle. Before completing the
proof, we need two lemmas about spanning trees. For a
tree T on n vertices, we say an edge e ∈ E(T ) equitably
divides T if each of the two components of T − e has
at least (n − 1)/∆ vertices. Lemma 4.2, which is well-
known, shows that every tree has such an edge. We
include a proof for completeness.

Lemma 4.2. Let T be a tree with maximum degree ∆T .
There is an edge whose removal splits T into T1 and T2

such that |E(T1)| and |E(T2)| are at least |E(T )|/∆T−1,
and this is best possible.

Proof. Pick an arbitrary vertex v0 as the root of T .
Define the sequence v0, v1, . . . , vt as follows: for i ≥ 1,
vi is a child of vi−1 whose subtree is largest, and t is the
smallest index such that vt has at most ∆T−1

∆T
|E(T )|

vertices in its subtree. The edge e we desire is the edge
between vt−1 and vt. Let T1 be the subtree with vt and
T2 the other.
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By definition, T minus the subtree of vt has at
least 1

∆T
|E(T )| edges, so by removing e, we see the

condition for T2 is satisfied. For T1, we have two
cases. First, assume t = 1. Then the subtree of v0

that includes v1 has at least 1
∆T
|E(T )| edges since it is

biggest, and removing e yields the desired bound for T1.
Otherwise, we know that the subtree of vt−1 has more
than ∆T−1

∆T
|E(T )| edges. Since the subtree of vt is the

largest of the at most ∆T −1 subtrees of vt−1, we again
get our desired bound for T1.

For A ⊆ V , let the boundary of A, denoted ∂(A),
be the set of edges with exactly one end in A.

Lemma 4.3. Let T be a spanning tree of G ∈
{Gd(s), Gpd(s)} and let e be an edge that equitably di-
vides T . Let A be the smaller component of T −e. Then
there exists an x ∈ A and an edge xy ∈ ∂(A) such that
the distance in G between x and the endpoints of e is at
least bs/6c.

Proof. Recall n = |V (G)|. Since e equitably divides
T , Lemma 4.2 yields |A| ≥ (n− 1)/∆T ≥ (n− 1)/∆ =
(n−1)/2d > n/3d, as long as n > 3. On the other hand,
since A is the smaller component of T−e, |A| ≤ n/2. Let
v be the endpoint of e = uv contained in A. Consider
the ball BR of radius R = bs/6c in G centered at v (all
vertices whose distance in G is at most R). We will
show that there exists a vertex x ∈ A \BR and an edge
xy ∈ ∂(A).

Since G ∈ {Gd(s), Gpd(s)}, the ball BR is contained
in a hypercube H of side-length 2R. Moreover, if V (H)
is the set of vertices of G inside of H, then G \ V (H)
is connected. Notice |H| ≤ n/3d < n/(3d) < |A|. This
implies that there exists a vertex x1 ∈ A \ V (H). If
G \ V (H) were contained in A then |A| ≥ |G \ V (H)| ≥
n − |H| > n − |A|, and so |A| > n/2, a contradiction.
Hence, there exists a vertex y1 ∈ (G \ V (H)) \ A and
a path from x1 to y1 contained only in G \ V (H).
Somewhere along this path there must be an edge xy
such that x ∈ A \ V (H) and y ∈ (G \ V (H)) \ A. This
is the edge we seek.

Figure 4a depicts a spanning tree T of Gp2(9) that
is equitably divided into black (the set A) and green by
the red edge e. The orange edge xy ∈ ∂(A) creates a
fundamental cycle C = Cxy, which is dashed. The 4-
cycle X plays a role in the proof of Theorem 3.2, which
appears next.

Proof of Theorem 3.2. Let G ∈ {Gd(s), Gpd(s)}. By
Theorem 3.1, it suffices to show that B contains a cycle
C with |C| = Ω(s) and a 4-cycle X with C ∈ supp(X).
Let T be the spanning tree defining B. By Lemma 4.2, T
has an edge e such that the two components of T−e each

e

y

x

C

X

(a)

X

(b) Bp
F

Figure 4

have at least (n − 1)/∆ vertices. Let A be the smaller
component of T − e. Every edge in ∂(A) − e creates
a fundamental cycle using the edge e. By Lemma 4.3,
there exists an x ∈ A and an edge xy ∈ ∂(A) such that
the distance in G between x and e is at least bs/6c.
Define C = Cxy. Then C has length at least bs/6c and
contains e. The edge e is contained in a 4-cycle X, and
C ∈ supp(X) by Proposition 4.1. �

5 Short Cycle Bases of Gp2(s)
Let H be a graph embedded in the torus. Recall
that the dual of an embedded graph is a (multi-)graph
such that the faces (respectively, faces sharing an edge)
correspond to vertices (respectively, edges)—see, e.g.
[19]. We denote the toroidal dual of H by H∗. If
F ⊆ E(H), denote by F ∗ the subset of E(H∗) that
corresponds to F . A cycle C in H is contractible
if it bounds a disc. The subgraph of H embedded
inside of this disc is called the interior of C, denoted
int(C), whereas the complement is the exterior, ext(C).
Noncontractible cycles do not have interiors. For more
on topological graph theory, we refer the reader to [19].

In this section, we will only consider the graph
Gp2(s), s ≥ 5, embedded on the torus in the standard
way (see Figure 1b), and hence refer to this graph simply
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as G. For a cycle basis B of G, let N be the set of
elements of B that contain a noncontractible cycle as a
subgraph, and let N = B \ N . Recall that any basis
has size m− n+ 1, where m = |E(G)| and n = |V (G)|.
Since |E(G)| = 2n for the grid, we have |N | + |N | =
|B| = n+ 1. Define SN = {Y ∈ E : supp(Y ) ∩N 6= ∅}.

In Section 5.1, we show that although the size of SN
is large, π′(SN ) is exponentially small. The remaining
subgraphs are in bijection with spin configurations, as
seen in Section 5.2. We then use ideas from the analysis
ofMGD to find a bottleneck which preventsM(B) from
mixing rapidly.

5.1 N in support implies small weight We say
that a cycle basis of G is short if its length is less than
s (recall the definition of length from Section 3.2). The
canonical example of a short cycle basis is the facial
cycle basis BpF of G, pictured in Figure 4b. It consists
of two noncontractible s-cycles, one horizontal and the
other vertical, and all-but-one of the facial 4-cycles. The
4-cycle X bounding the shaded face is not in BpF . Notice
that suppBpF (X) is all of the other facial 4-cycles. The
two s-cycles do not count towards the length of BpF
because they are not in the support of any 4-cycle.

We start with a simple lemma.

Lemma 5.1. If B is a short cycle basis of G, then
|N | = 2.

Proof. Noncontractible cycles on the torus have homo-
topy types, and can thus be seen as elements of the fun-
damental group of the torus, Z×Z [6, p. 34]. Since the
(1, 0) and (0, 1) homotopy types cannot be generated by
a single element of the group, and since each are even
subgrpahs, B must have more than one element with a
noncontractible cycle. Hence |N | ≥ 2.

Now let X be a 4-cycle in G. Since B is short,
supp(X) ∩ N = ∅. Therefore, all of the 4-cycles in G
lie in the subspace generated by N . Since every set of
n− 1 facial 4-cycles is linearly independent, it must be
the case that |N | ≥ n− 1. Hence, |N | ≤ 2. �

Next, we show that if Y ∈ E satisfies supp(Y )∩N 6=
∅ then the toroidal dual of Y is not bipartite.

Lemma 5.2. Let B be a short cycle basis of G and let
Y ∈ E. If Y ∗ is bipartite then supp(Y ) ∩N = ∅.

Proof. We can 2-color the vertices of Y ∗, and hence
the faces of the embedding of Y , with 1’s and 0’s so
that any two faces of the embedding of Y that share
an edge e have the same color if and only if e /∈ Y .
Let S be the set of 4-cycles in the interior of color-1
faces. Since supp(X) ∩ N = ∅ for every X ∈ S and
supp(Y ) =

⋃
X∈S supp(X), we find supp(Y ) ∩N = ∅.

Before proceeding with the proof of the main result
of this section, Lemma 5.4, we need a few simple
propositions, the first of which is proven in [5]. A bond
in G is a minimal edge-cut, and the size of a bond is the
number of edges it contains.

Proposition 5.1. Every edge-cut is the disjoint union
of bonds.

Proposition 5.2. If H ∈ E, then H has no odd-size
bonds.

Proof. By way of contradiction, let F be an odd-size
bond in H and let H1 and H2 be the components of
H − F . Since |F | is odd, there are an odd number of
vertices in V (H1) that are incident with an odd number
of edges in F , say V1. Since H is even, the set of
odd-degree vertices in the graph induced by V (H1) is
precisely V1, contrary to the fact that graphs have an
even number of vertices of odd degree.

Lemma 5.3. Let H ∈ E. If H∗ is nonbipartite, then H
contains a noncontractible cycle.

Proof. Let F ⊂ E(H) be such that F ∗ is the edgeset of
an odd-cycle C in H∗. Suppose first that F is a cutset
in H. By Proposition 5.1, F is the disjoint union of
bonds. One such bond must have odd size since |F | is
odd, contrary to Proposition 5.2. See Figure 5a.

So we may assume F is not a cutset in G. Thus,
C is nonseparating, and hence noncontractible. Let
e = v1v2 ∈ F . Since H has no loops, v1 6= v2. Cut
the torus along C, creating a cylinder with boundaries
C1 and C2. Let ci = e ∩ Ci for i ∈ {1, 2}. Since F is
not a cutset, H − F has a path P with ends v1 and v2.
Extend this path to a simple path P ′ in the cylinder by
adding the portions of e from v1 to c1 and from v2 to
c2. Clearly, P ′ does not separate the cylinder. Hence
P ′ = P ∪ e is a nonseparating cycle in the torus, and
hence a noncontractible cycle in H. See Figure 5b.

We now combine the previous results to show
that the total weight in π′ of even subgraphs with
noncontractible cycles in their basis representation is
small.

Lemma 5.4. If λ < 2−7 then π′(SN ) ≤ 2−s/2+1.

Proof. Let Y ∈ SN . By Lemma 5.2, the toroidal dual of
Y is nonbipartite. By Lemma 5.3, Y contains a noncon-
tractible cycle as a subgraph. As noncontractible cycles
in G have length at least s, the proof of Lemma 4.1
implies the result.
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(a)

C2

C1

c2
c1

v2

v1

P

(b)

Figure 5: Cycle C is in red. The bold black edges are F .

5.2 Bottleneck among spin configurations
Lemma 5.4 allows us to focus on even subgraphs whose
support misses N . Let F be the set of faces of G in
the embedding depicted in Figure 1b, and define a
bijection between these subgraphs and half of the spin
configurations of G∗ as follows. For any cycle basis B
of G and any Y ∈ E \ SN , define a spin configuration
IBY of G∗ by IBY (F ) = (−1)q

B
Y (F ) for each F ∈ F , where

qBY (F ) is the number of basis elements B ∈ supp(Y )
such that F is a face of int(B). In other words, IBY
assigns +1 or −1 to the faces of G, where the −1’s
generalize our previous notion of interior to subgraphs
in E \ SN . We choose the −1’s instead of the +1’s to
coincide with the plus boundary conditions on G2(s),
as in Figure 2. For any edge e incident with faces
F1, F2 ∈ F , we have IBY (F1) 6= IBY (F2) if and only if
e ∈ E(Y ). Denote by 1B(Y ) the set of faces F of G
with IBY (F ) = 1. Note, if C is a contractible cycle,
1B(C) is either the faces of ext(C) or of int(C). For
example, in BpF , 1BpF (X) is the faces of ext(X) for every
4-cycle X ∈ BpF , whereas 1BpF (X) is the faces of int(X)
for the 4-cycle not in BpF .

The main idea of the proof of Theorem 3.3 is that
M(B) cannot easily move between subgraphs Y with
|1B(Y )| large and subgraphs with |1B(Y )| small—in
order for M(B) to do so for a short basis B, it must

go through configurations with |1B(Y )| ≈ n/2. Given
any constant c > 0, define Sc as the set of Y ∈ E such
that c ≤ |1B(Y )|/n ≤ 1 − c. The following theorem
in [18] shows that these configurations are exponentially
unlikely to appear.

Theorem 5.1. (MRS) Given c > 0, let λ < 5−3/(2c).
Then π′(Sc(Gp2(s))) = 2−Ω(s).

In order for Theorem 5.1 to imply that M(B) is slowly
mixing, it must be the case that configurations Y with
|1B(Y )| large and those with |1B(Y )| small are both
fairly likely. To prove this, we identify in Lemma 5.5
a 4-cycle X such that symmetric difference with X
is a bijection between these sets that nearly preserves
weight.

Lemma 5.5. For any cycle basis B of G, there exists a
4-cycle X for which 1B(X) = {FX}, where FX ∈ F is
the face bounded by X.

Proof. We proceed by induction on the number k of 4-
cycles that are not in B. As there is a linear dependency
among F , k ≥ 1. When k = 1, B is precisely BpF , and
the unique 4-cycle not in B satisfies the requirements of
the lemma. So suppose B has exactly k+ 1 ≥ 2 4-cycles
not in it.

Since there are at most n − 2 4-cycles in B, there
must be a 4-cycle X1 /∈ B such that supp(X1) contains
some Y ∈ B with |E(Y )| > 4. Let F1 be the face
bounded by X1. If 1B(X1) = {F1}, then we are done.
If not, it must be that 1B(X1) = F − F1. Replace Y
by X1 in B to obtain a new basis B′. By the inductive
hypothesis, there exists a 4-cycle X2 bounding the face
F2 for which 1B′(X2) = {F2}. We may assume that
X1 ∈ suppB′(X2), since otherwise 1B′(X2) = 1B(X2),
and we are done.

Therefore, supp(X1⊕X2) is the same in both B and
B′, since it only uses basis cycles in B ∩ B′. So for all
F ∈ F \ {F1, F2}, we have IBX1⊕X2

(F ) = IB′X1⊕X2
(F ) =

−1. Since IBX1
(F ) = −1 if and only if F = F1, it

must be that IBX2
(F ) = −1 for all F ∈ F − F2, and

so 1B(X2) = {F2}.

For example, the face FX bounded by the 4-cycle
X in BpF depicted in Figure 4b meets the criterion
of Lemma 5.5. This 4-cycle is special because, by
taking the symmetric difference of Y ∈ E with X,
all of the spins in the dual graph flip except for
one (corresponding to FX), and π′(Y ) does not differ
significantly from π′(Y ⊕ X). Lemma 5.5 shows that
this four-cycle is a property of the graph that cannot be
overcome by changing the basis. We now proceed with
the proof of Theorem 3.3.
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Proof of Theorem 3.3. By Lemma 5.5, there exists a
4-cycle X for which 1B(X) = {FX}, where FX is the
face bounded by X. For any even subgraph Y , define
N(Y ) to be the number of faces F 6= FX of G such
that IBY (F ) = 1. Let S1 be the subset of E \ SN
such that N(Y ) < n/2 and let S2 = (E \ SN ) \ S1.
Define the map f : S1 → S2 by f(Y ) = Y ⊕ X.
Then λ4 ≤ π′(f(C))/π′(C) ≤ λ−4. This implies
λ4 ≤ π′(S1)/π′(S2) ≤ λ−4. By Lemma 5.4, π′(SN ) =
2−s/2+1. Therefore, π′(S1) and π′(S2) are each at least

(5.4)
λ4

(1 + λ4)

(
1− 2−s/2+1

)
≥ λ4

2(1 + λ4)
.

Lastly, we show that
∑
Y ∈S1,Y ′∈S2

π′(Y )P (Y, Y ′) is
small. Let (Y, Y ′) be such a transition with nonzero
probability, where Y ′ = Y ⊕ B for some B ∈ B.
Since B is short, |E(B)| ≤ s. Notice s =

√
n,

since n is the number of vertices of the grid. This
implies that B can change the number of spins by at
most n/16, and so n/2 > N(Y ) ≥ n/2 − n/16 =
7n/16. Therefore Y ∈ S7/16. By Theorem 5.1, if
λ ≤ .004 < 5−24/7, then π′(S7/16) = 2−Ω(s). This
implies

∑
Y ∈S1,Y ′∈S2

π′(Y )P (Y, Y ′) = 2−Ω(s). Then for
each i ∈ {1, 2},

φSi =
1

π′(Si)

∑
Y ∈S1

( ∑
Y ′∈SN

π′(Y )P (Y, Y ′) +

+
∑
Y ′∈S2

π′(Y )P (Y, Y ′)
)

≤ 1
π′(Si)

(
π′(SN ) + 2−Ω(s)

)
≤ 2(1 + λ4)

λ4

(
2−s/2+1 + 2−Ω(s)

)
= 2−Ω(s).

The result now follows from Theorem 2.1. �

6 Conclusions and Future Work

Using insights from this paper, we may be able to
modify M(B) slightly to yield much better algorithms,
by adding additional transitions. In particular, each of
our slow mixing results relies on the existence of a short
cycle X /∈ B, which, if added to the set of allowable
transitions, may create a rapidly mixing Markov chain.
For example, adding the special 4-cycle to the set of
allowable moves of M(BpF ) is similar to allowing MGD

to flip all spins at once. While this move is contrived in
the context of spin configurations, adding this 4-cycle
is natural in the context of cycle bases. We believe this
new perspective of the state space as a vector space will
be useful in designing and analyzing generalizations of
these algorithms.
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